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The analysis of steel price fluctuation in

pandemic period in 2021 and financial crisis in
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Abstract
Steel price has a great impact on construction industry. We construct an ARIMA mdel
to predict steel price at Taiwan. International market conditions can influent steel price,
such as COV19 and financial crisis. The steps of analysis are first to collect raw data of
steel price. Second, A ACF and PACF model is used to determine the P and q order for
ARIMA model. Third, An ARIMA model is established. Fourth, Aa Auto ARIMA is

run for same analysis. Finically, the residual analysis is conducted.
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